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To ChatGPT

@ 'H ad\dg, o pidoc pou o umoloyloTikde povtéoc!

e Ytmv apxH Tou Tal EAANVIKE Tou LovTéNou dev fTay okdpLal
WBraitepo kohd, étol pou eixe ovotnBel, wg uToAoyLoTikdG
povtédoc! To kpdtnoa améd tétTe
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To ChatGPT

@ Ag mdpe Aiyo Tiow, To ChatGPT 8ev pitpwoe Eapvikd
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To ChatGPT

o Amotéleoua owpevTikic épeuvac oe éval aLVTIKELLEVO TTOV
ovopdleton Troloyiotiky Mwocoloyia, 1| Emelepyaoia
duoiknc Moooac

o To avtikeipevo petpd 18n 7 dekaetieg épeuvag
@ XovTpikd: 1 Toph Twv emoTnu®V TS MAwoooloyiog ko Tng
Emiotiung tng Minpoyopiog (avdroyo tnv mepiotaom, ol
KOlL TNV €£PEVVTTIKY €TtOY T, Telvel va yépvel Ttpog pioe amd Tig
eTupépoug katevBovoelg TeploodTepo)
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/ / /.
Atté 1o yvwpilew oto poaBoaivev

o [Népaopo amd CVOTHATA KOLVOVWY, oL oTolol Sivovtal amd
eldikolc oe ovothuata Tov pabaivouv toug kavdveg amd To
dedopéval

o YuuPolikd cvothuata vs cvothuate Mnyoavikiic Mdébnong
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Y vpPorkny TN

o [d¢ &ekivnioav Oha... (mepimov)
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Y upPorikr) TN: H yevikdtepn mpooéyyion

@ Y uvevivovtoc évov oUBoAlkd cUVTOKTIKS alvalAuTY e
Aoyik1) onuootoloyio
o KoaBopiopde avtiotoryiog petadd alpnpméviv CUVTIKTIKOY
Sopdv (ouviBwg opnpNuévwy CUVTAKTIKGOV SEVTpwv) Kot
onuactoloyiog ekmeppoopévn o KAToLo Aoyilkd oOoTNUO
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Y upPorikr) TN: ‘Eva tapdiderypo

e Bernardy, Jean-Philippe, and Stergios Chatzikyriakidis. "A
type-theoretical system for the FraCaS test suite: Grammatical
framework meets Coq." In Proceedings of the 12th
International Conference on Computational Semantics
(IWCS)—Long papers. 2017.

@ To mpéPANua Tng ovveTaywyfHg Yuolkhc YAwooag: oov divw
800 keipeva ko B4hw vau povu Telg T Aoyikt) oxéon éxouv
peto O Toug (ovvemaywyg, avtipoong, timoto amd ta §00)

@ Oélouue éval cloTNUA oV val To atopooilel avtd
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Y uBorkny TN: ‘Eva topdderypo

[Ljunglef 2011]

|
[Cooper et al. 1996]
) GF | Semantics ] Coq
Textual Problem } »| AST | »| Logic Form f———| Checked result

k

o Keipevo = Yuvtaktikn Avddvon (Sevtpdkia) = NAoyikn
Y npoactodoyion = clotnua Tov aogaoilel Ty Aoyikh oxéon
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Y vpPorkny TN

o E&oupetikd metuxmuévn oe eleyydpeva eplBdAlovta
o oAb akpBric ko Aetctopepfic (fine-grained)

. CATCH ME IF YOU CAN!
S B —
L RULES
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Y vuPoikny TN

o Asgv ta Tdel kadd oe ovoryTd Kelpevo 1 yevikdtepal W
eleyxoueva teptfdAlovta
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Y vpPorkny TN

o Avtikatdotoon and pefddouc Mnyavikic Mdbnone
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TN pe Khawowkn Mnyaviksy MdBnon

@ TéAn dekaetiog Tov 90, péxpl to 2013-2014 mepimou
o Emomrtevduevn unxovikn pdbnon: Bélovue povtéda ov
poBaivouv amd to dedopéva
o Apketd pe tn Aoyikh! Autéd Ba Soudédel otyoupa!

I am a good learner!

— =
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‘Eva tapddetypor MM: Taévountric omap

Brjpa 1: Ipoetoilpooia Asdopévav
Alaxwpiote To oUvoAo Bedopevev oe dVo uepn:
exmaidevon kot dokipr.

* Brjpa 2: Ipoenegepyoaoia Asdopevav
Mo k&Be peLA 0T0 0UVOAO Bedopevev:
Metatpomny| keLpevov oe meld.
XopLopdg keLpgvoy oe AEEeLg.
Katapetpnon ovyvétntag k&dbe ALEnC.

* BAua 3: TmoAoyiopédcg MiBavothtev

TrnoAoYLOpOC TPOTEP®Y TLOAVOTATOV YLO OTO KOL MY OTOH MELA
o kéBe A€EN:

TrnoAoyLopog miLBavoTnTaG dedopEVoy OTL TO MELA £lvol OTop.
TrnoAoyLopodg miLBavétnTag dedopevou 6TL To PELA Bev eival
OO .
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To&vountnc oo

* BApoa 4: Aeitovpyio Aviyvevong Imop

Optopdc ouvdpTnoNG YL TAELVOUNON VEWY UELA OFE
OTOL W M1 OTOo.

© Brjua 5: Aokipry tou To&Lvounty

o kéBe peLA ota dedopeva SokLpNC:

XpAon g ouvapTNONG aviXVeuong omop yLo Toglvounon).

* Brjua 6: AELoAoynom Emidoong
Enidoon
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TN pe Khawowkn Mnyaviksy MdBnon

o Kol emidoon oe amAd wpoPAfuata, peydAn Svokolia ot
o ovvBeta TpoPAfuatal kartavdnome Yuolkic YALooog
(Te.x. Kewpevikh ouveTaywyn)

foét‘-“’-ﬁ';l:tl'sns is 'l'ough l _,.rf

D~2 Q-2
e~z
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Nevpwvika Aiktuo

«Evo texvntd vevpwvikéd diktvo (TNA) eivou éva ovotnua
emelepyaoiog TANPOPOPLOV IOV EUTVEETOL ATtd TOV TPOTO TIOU
Ta Blodoyikd vevpikd ovothuata, dTwe o eykéyaoc,
eneepydlovtal TAnpoyopiec. To Paoikd oTouxelo autov Tou
OVOTHUATOG elvoll 1) KUUWVOTOUAL SO TOVU CUCTHLALTOC
emelepyaoioc TANpopopLdv. AmoteAeitol amd évav peydio
aplBud Sroouvdedepévwv ototyeiwv eneepyaoiog (veupdvwy)
1oL epydlovTon amd KOwoU yLaL TNV ETUAUCT CUYKEKPLLEVWV
poPAnudtwv. Ta TNA, éTtwe ko ou dvBpwTtol, pobaivouy péow
opaderypdtwv. ‘Evoe TNA «kovpdiletony yiol ot ouyKekpLévn
epoppoyYf néow prog Stadikaoioe wdbnone. H wdbnon ota
Brohoyikd cvoThuate TepLAauPdvel TPOoAPLOYEC OTLC
OUVALTLTIKEG OUVBETELC TIOV UTLAPXOUV HETAE) TWV VEVPOVGV.
Auté oxveL ko yioe Tae TNA.»
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Nevpwvika Aiktuo

Avtdpotn petdppoon ard to AyyAkd pe eAdyioteg
TpomoToLioslg, ottd Tov petappaoth TS [kouykA, o omolog eivou
amnd to 2016 kou émertal, otadiakd, veupopetappaotic!
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BaBelorg Mdbnom

Input value 1

Input value 2 Output values

Input value 3

J L )

Input Hidden Qutput
Layer Layer Layer
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BaBelow Md&Bnon

o Kupiopyn mpooéyyion pe Sidypopa povtéda Bobeiog wdbnong

o RNN: To Emavaknmrikd Nevpwwvikd Aiktuae (RNNs) eivou
povtéda mov emegepydlovton dedopéva alAnlovyiog eved
ToLpGAANAC SLoctnpodv VAN TV TPONYOUEVWY OTOLXELWV.

o LSTM: Ta LSTM (Aiktva Makpde-Bpayeiog Mviune)
elvorl o Bedtiwpévn popey RNN movu éxel Tn SuvartéTnTa
va Qupdton TANpoopieg Yo LeyahiTEPO Xpovikd BidoTnue

o BILSTM: Ta Awmhc KatebBuvong LSTM (BiLSTM)
emelepydlovtan T dedopéval ko amd Tic dvo kateubivoelg,
aplotepd poc de&Ld ko deLd Tpoc apLoTEPd
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MeydAa YAWoOLKE LovTEAQ

@ H mepimtwon tov mepipnuov BERT

o 'Eva amd ta o moAuypnoiLotolnuévo povtélo otny EPI
to tedevtaia 4 pe 5 xpdvio (TAéOV KOVTOLPOXTUTILETOL PE TO
GPT)

@ Avikel ot YevkdTePT OUASAL LOVTEAWY VEUPWVLKDV SLKTOGWV
TIOU AéYOVTOL LETOLOXNILALTLOTEG

e To mpwyto MI'M
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MeydAa YAWoOLKE LovTEAQ

@ Tu kdvel To povtélo BERT;

Metapopd pébnone: petapopd yvodoewv mov Aopfdvovton
and tn plo epyaoion oty dAAn

Avto-tpocoyt (self-attention): amAoikd, évog punxaviopde
TLOU ETILTPETEL TO HOVTENO VOL KOLTELEL TOV TIEPEYUPO TOU YLOL VO
korto A& Per kohOTepa TNV ekdotote AéEN. ‘Oleg oL Mé&elg
ovoyetilovtan petadld Toug ko oto Téhog divetou éval okop
e TpdToong

Mpoekmaidevon tou povtédou oe dVo epyaoieg TpdPAiedng (n
pio etvon T.x. TpoPAédte TV eTduevn Aé&n)

Behtiototmoinom yia dAeg epyaoieg: dev amauteiton
ekTaidevon and To undév, amAdg Tpooapuoyt/kKovpdiopa
(fine-tuning)

Evtutwolokd amoteNéopatal 08 cwpsial epyaoLmdV
Trohoyiotikic MMwoooloyiog
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To ChatGPT

@ Baoiletouw oto mpdtepo peyddo YAwooikd povtélo pe Ty
ovopaoioe GPT-3.5 (tdhpa eipocote TAéov oto 4, ko oTO
gpyootiplo oto 5)
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ChatGPT ko suguia

o Eivou gvpuég;

o Aesv eipou oA ofyoupoc 6TL Eépw TL akpdc eivor 1 svpuia,
i va oog atovtiow. Ac urtoBéooupe 4tL o bpoc
VONUOoUVY OUVBEETOL [E TNV LKALVOTNTO TIOAADV TPOLYRATWYV,
X opnenpévn ko Aoyikt okédn, cuveldntéTnTa,
dnuLovpykdTnTL, HeTald dAAwV. Thpa, K&TOL ATd KLUTE
poveTall vou ToL €TL8ELKVIOUVY TOL LOVTEPVOL CUOTHOTA
TexvnTtic vonuoouvne. Eyd Bo édeya 6TL, TouldyloTov ot
kéolo Babud, e€opolvel TTUXEC auTod TTou ovopdlovpe
Vonuoouv.

o Me e&itdpel TéVTWCS ETL OKOUOL KO ETUOTHLOVEC
XPNOLLoToLo0V TETOLOL EpWTHLAT Tov TipouToBéTouv btTL
£XOUME KAAOOYMLATIONEVOUG 0pLopoUg YL {nThpate dTtwe M
YVOOT, N ouveldnon K.AT.
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Tehkd, otutd To povTéAa KatahaBoivouv 1 YAWOoOoW;

@ ZovalyUpVAE TIOW OTO TPOMNYOUEVO EPWTNUAL, TL AKPLBOC
onpaivel kartavédnom tng Or;

@ 'Evac tpdmoc va Seifelc k&tL TéTolo, To omoio éxel Tic Bdoeic
Tou 0To TeoT Tou Tolpwk yia Tnv Texvney Nonpooivn
(xovTpLkd): av £XELG KATIOLOV ToLpTNPNTY OF Lo CuvopLAio
peTadd avBpdTou Ko unYovig, ko o Tapatnentic Sev
utopel va Eexwploel Tolog elvo o &vBpwtog ko Tolog eivou
N unxovY, Tote To UNXAvnua £XeL Tepdoel To TLoUplvk TeoT,
éxeL dei&el detypotor gvpuiog
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Tehkd, otutd To povTéAa KatahaBoivouv 1 YAWOoOoW;

On the Dangers of Stochastic Parrots:
Can Language Models Be Too Big? &

Emily M. Bender” Timnit Gebru”
ebender@uw.edu timnit@blackinai.org
University of Washington Black in Al
Seattle, WA, USA Palo Alto, CA, USA
Angelina McMillan-Major Shmargaret Shmitchell
aymm@uw.edu shmargaret.shmitchell@gmail com
University of Washington ‘The Aether

Sealtle, WA, USA

e Ytoxaotikol MamaydAol (Bender, Gebru et al., 2020):
XOUPAUKTNPLOKOC TWV PEYHAWY YAWOOLKOV LOVTEAWV.
MNarocyadifouv Tpdypotor Taw oot £xouv Sel otov TepdoTio
aplBpd Sedopévwv otov omolo éxouv ekmoudevtel, Xwpic
KOULLOL aLvaLpopd oTo VoMo

o Tu elvor vomua, Topdia outd; MTiaivoupe dAL oe SHokoleg
EPWTNOELG
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Tehkd, otutd To povTéAa KatahaBoivouv 1 YAWOoOoW;

@ H mpoowTikn HLou yvoun: av epyooieg OTWG 1 LUTOPALTT
oovo(m, N ouveTAYWYT PUOLKAC, YADCOOC, 1) ALVALYVAOPLOT
ouvouoBfuotoc, ko n Ae§ikoroyikn ypetdlovTol kéToLou
eldouc katavdnom yio val ekTeEAeCTOOV CWOTA, TOTE, VoL,
KATIOLOV £i80Ug KATAVONON TNV TIPOCOOLOVOUV TA EYEAN
YAWOOLKA LoVTEAQL
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Tehkd, otutd To povTéAa KatahaBoivouv 1 YAWOoOoW;

@ To ChatGPT eivow éval todtumot TN. tnpileton oe éva
peydho yAwooikd povtédo, to GPT-3.5, 1o omolo éxel tnv
LKOLVOTNTOL VAL TIOLPALYEL ETLLPKMG KUAOCY NILOLTLOLEVO Kelpevo
(fluent text). Movtéla oav to GPT-3.5 éxouv ekmoudeutei
ot éval tepdoTio aplBud Sedopévwv ko to ChatGPT, mou
émwc eimope Boolleton ot éva tétolo povtédo, éxel eTLTAéov
mpooappootel (fine-tuned) oto va Tapdiyel Aetttopepeic
ATAVTHOELC 08 EpWTHLATA Tou Tov Bétouv. MNpooédte Tov
bpo «AemTopepeicy. Aev Tpoumobétel TNV évvolal TN
opBétnToac.
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MNapddoyol ko un wdPol

@ Muia g0doym avnovyiat oe kowwvikd-ToMTikd emimedo, éxel
vaL Kdvel e TNy avtikatdotoon avBpwtivou duvoyukov ottd
ovotfuata Al ko Tic opdéc avépywv Tov TpoPAémovton ot
ovykekpyLéva epyaotakd Tediot — To {HTnuo almoutel
amopdosic ot eTinedo Moliteloc.

o Mot akbdun edhoyn avnouyio éxel vl kével e T
SuvatdtnTa xpfiong tétolag Texvoloyiag yio dlaoTopd
Pevdov eldfocwv (site okdmpa, site 6xL)
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MNapdhoyol ko pn @oPor: Okoloyla

@ Trdpyouv coPopd OLkOAOYLKA EPWTHLATO, HLOLG KO TO
TiepLPavToAOYLKS ATIOTUTIWIAL TIOU ALPTVOUV TETOLOL LOVTEAQL
YL TNV ekTodevon| toug elva tepdotio. [pémer vor Solpe
Tolo eivor To TePLPAVTOAOYLKS ALVTAANALYLOL Lo oLUTE ToL
povtéda, v uouvv coPfopd dnAadn tétola {nThpata oto
toamélt. Mo v AdPete pua elkdéva Tou TpoPAfuetoc,
okeyteite 6t To povtédo GPT-3 xpeldotnke 1287
peyafotmpec yiow Ty ekmoaidevon tov. Kétl tétolo
aVTLOTOLYEL oTNV evépyela Tou Xpetdletan éva péco
volkokuptd yiow 120 ypodvio.

o Ta emdpeva povtéda sivon téelg peyébouc peyalitepa
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MNapddoyol ko pun @dPol: Oa teBdvoupe dAoll

e Singularity hypothesis (superintelligence)
o Moac Eemepvdve oe guuia Tal UMY oVALOTAL KATd TIOAD, o€
kéTola pdon ota TAaiola BedTioToToinong o epyaoiog
(o MTtéotpop avapépel TV Kortaokeut) ouvdeTfipwy), To
pnydvnuee octoaoilel éti M kaditepn duvartt
BeAtioTomoinon emituyydvetan e§olobpedovtac dlo to
avBpdTivo idoc

NICK BOSTROM

SUPERINTELLIGENCE

Paths. Dangers. Strategics
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MNapddoyol ko pun @dPol: Oa teBdvoupe dAoll

o T oTebw £Y®; Luppwvd e toug Dubhashi and Lappin
(2017). To yeyovég oevdplo autd amotedel Aoyikn
Tuhavétnta. ‘Omwg ko 1 oUYKPOUOT KO 1) KATAOTPOYT TNG
'Mc amd petewpltn To emdUeva TTEvTe Xpdvia

Viewpoint
Al Dangers:
Imagined and Real

Argrdng against the argurnents for the concept of the singularity.

Devdatt Dubhashi and Shalom Lappin

e
such
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ChatGPT ko MNMwooikt| Sadikatoto

@ 'Eva yAwooikd povtédo civar duvatdv var Soulédel oe
mpakTikd eminedo mapaPrdlovtac kébe utdBeomn mov
Eépoupe amd tn NMwoooroyia

@ O pébodol mou éxoupe TAéov oe UTtOAOYLOTIKS eTtiTtedo
UTTopoUv va pog etpédouv va teotdpoupe uttobéosic Tng
Oewpntikfc NMwoooroyloc ko yevikdtepa tne MNvwotakric

Emotiung, oL omoleg Tapalilévouv alvatdvinTeg €86 ko
TIOA& Xpdviat.
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ChatGPT ko NMwooikn Siadikaotor: Topdderypa

o NMwoowkn Katdktnon (xovdpikd: e kartaupépvel évar Todi
VoL KATOKTNOEL TAPWE TO 0VOTNUA TNG YADOOAE)

o ta avBpwTival dvta sival yeveTikd Tpokafoplopéval yiow vau
KaTAKTHoOLV TN YA®oow. Autd amoppéel amd Tnv
Tapathonon 6tL ta dedopéva Tou Aopfdvel To Toudt sivor
oA Afyal yiow vat Tou emitpédouv vor ocuvdyet, péow
YEVIKOTEPWV YVWOLOK®V dLadLkaoldv, éval T6co ToAOTIAOKO
oVotnua, dTwe M avBpdTivy YAdooo

o Twdpyel 1 Suvatdrnra TAéOV, TOUAAXLOTOV O¢ KATIOLO
Boabud, va e&opordooupe autéc Tic ouvBfkeg pdbnong ko
va Sovpe oy Tpdypott ivor Suvartd 1 6L évorg adySpLBog
néOnone v ouvdtyet éval tétolo ovvBeto choTnua.
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MI'M otnv Ttpdén

o Ac maioupe Myo
o Extéheon epyaoiov and MI'M wg éxouv
o Ektéheon amd MI'M pe kdrmoia pukpn k&oTtop ekmoidevon

o E&eldikeupéva ovothuata Yo k&Toleg epyaoiec Tov
Baoilovtow oe MI'M
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‘Evac tedevtaio epyaketo yio Language Assessment hot off

the press

@ Themistocleous, Charalambos. "Open Brain Al and language
assessment." Frontiers in Human Neuroscience 18 (2024):
1421435.

@ Aivelc éval kelpevo ko Tov {ntdic va kdvel language
assessment Bdosl TOAMGOV TopopéTpwy, Ae€Ikav,
LOPPOAOYLKWV, CUVTUKTIKGOV. CTNULOLOLOAOYLKOV

36 /46



‘Evac tedevtaio epyaketo yio Language Assessment hot off

the press

(M) Crscs far upantes

OPEM ACCESS

Genrgiol

7 of Technology. Cyprus

9o Stata Linivorsity, Unitod States
Maria Varkanitsa,
Bosion Linversity, Linited States

Open Brain Al and language
assessment

Charalambos Themistocleous®

Meurofinguistic  assessments  play 3  wital role in neuwrological
examinations, revealing a wide range of language and communication

15 PTited wWhich Ho8s ot Comy
thase ErmE

mpai associsted with developmental disorders and  acquired

e assessment 5 time-

neurclogecal condiions. Yet, a thorough neurclingus!
consuming and laborious and takes valuable resources from other tasks. To
empower clinicians, healthcare providers. and researchers. we have developed
Open Bram Al (OBAl). The am of this computstional platform is twolold. First,
it aims to provide advanced Al tools to facilitate spoken and written language
analysis. automate the analysis process, and reduce the workload associated
with time-consuming tasks. The platform currently incorporates multilingual
tools for English, Danish. Dutch, Finnish, Frenck
MNorwegian, Polish, Portuguese, Romanian, Russian, Spanish, and Swedish.
The tooks involve models for (i} audio transcrption, (il automatic translation,
fim} grammar error comection, (v transcnption to the International Phonetic
Alphabet, lv) readability scoring.
measures leg., counts and proporbons), and l=ocal messures, Second. it
aims to support clinicians in conducting their research and automating
everyday tasks with "OBAI Companon.” an Al language assistant that facilitates
language processing, such as structuring, summarizing, and editing texts
OBAl also provides tools for automating spelling and phonology scoring. This
paper reviews DBAPs underlying architectures and spplications and shows
how OBAl can help professionals focus on igher-value activibes. such as
therapeutic interventions.

Garman, Greek, Italian,

phonology, morphology, syntax. semantic
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Muikpn TtapékBoom

o Trdpyxel apketn dovheld ov xpnouLomotel MM ko TNA
Yo TNV avayvaplan Stopdpwv yAwookov tabfoswy.

o lMopbdia autd, siva akdpoal oto eTiTedo TNC £peuvalg Kol
and 600 yvwpilw dev éxw odnyfoel oc kéTolo epyaeio Tov
pTtopel vou éxel yevikeupévn xpfion
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Muikpn TtapékBoom

Interpretable Assessment of Speech Intelligibility using Deep
Learning: A Case Study on Speech Disorders due to Head and
Neck Cancers

Sondes Abderrazek’, Corinne Fredouille', Alain Ghio?, Muriel Lalain®

Christine Meunier?, Mathieu Balaguer®, Virginie Woisard***
'LIA, Avignon Université, France
*A-Marsellle Univ, LPL, CNRS, Alx-en-Provence, France
*IRIT, Université de Toulouse, CNRS, Toulouse INP, UT3, Toulouse, France
4|UC Toulouse, CHU Toulouse, Service ORL de 'Hopital Larrey, Toulouse, France
*Laboratoire de NeuroPsychoLinguistique, UR 4156, Université de Toulouse, Toulouse, France
sondes.abderazeki@gmail.com,corinne.iredoullle@univ-avignon. fr

Abstract

This paper sheds light on a relatively unexplored area which Is deep leaming inerpratability for speech disorder
assessment and characterizaion. Building upon a state-of-the-art methodology for the explainability and
Interpretabllity of hidden representation inside a deep-leaming speech model, we provide & deeper understanding
and inerpretation of the final Imelligibiliy assessment of patients experiencing speech disorders due to Head and
Neck Cancers (HNC). Promising results have been obtained regarding the prediction of speech intelligibility and
severity of HNC patlents while giving relevant interpretations of the final assessment both at the phonemes and
phenatic fealure levels. The potental of this approach becomes evident as cliniclans can acquire more valuable
Insights for spaach therapy. Indeed, this can help identify the specHic linguistic units that affact intelligibiity from an
acoustic point of view and enable the development of tallored rehabilitation protocols 1o improve the patient's ability 1o
communicate effectively, and thus, the patient's quality of life.
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Muikpn TtapékBoom
Downlead full issue

Computer Methods and Programs in
PFein Biomedicine Update

Velume 2, 2022, 100074

Voice pathology detection using
convolutional neural networks with
electroglottographic (EGG) and speech
signals

Rumana Islam © A B Esam Abdel-Raheem * Mohammed Tarique
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e Bigger is better?
o Mmopel, aAA& pe oo kdotog;
@ No Al to be done in a dead planet

ChatGPT's Energy Consumption
for Responding to Prompts and Its Cost in the US.

Number Energy
Time Period of prompts Consumption Cost
Day $162,814
Week $1139700
Month $4952,270
Year $59427263

Doto sources US. Energy I
Coleuotions based on: 200
consumption per promat, averoge US, commercial

! l BestBrokers:.r
e of §0.131/kWh os of June 2024 .)
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ChatGPT-3 vs. ChotGPT-4:
Training Power Consumption and Costs in US. Dollars

Madel @ GPT'; @ GPT'4
Days of traming 3 I . i
Training energy consumplion

Cost of troning'
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@ Tétolov eidouc épevval pmopel val yiver wévo amd peydec
etoupeieg
o 'Oyt pédvo pukpd Tovemothpa dev pmopolv val umovv oe
aUTS TO Tl ViDL, AAAE kOO KOLL TOL TOTD OLULEPLKALVLKOL
TIOLVETILOTTLLOL
o H Booikt épeuva eNéyyetan amd Tig peydheg etoupeieg!
Model Training Costs vs. Institution R&D Budgers (USD)
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On Tables with Numbers, with Numbers

Konstantinos Koghkalidis Stergios Chatzikyriakidis
Aalto University University of Crete
Department of Computer Science Department of Philology

Abstract

This paper is a critical reflection on the epis-
temic culture of contemporary computational
linguistics, framed in the context of its growing
obsession with tables with numbers. We ar-
gue against tables with numbers on the basis of
their epistemic irrelevance, their environmental
impact, their role in enabling and exacerbat-
ing social inequalities, and their deep ties to
commercial applications and profit-driven re-
search. We substantiate our arguments with
empirical evidence drawn from a meta-analysis
of computational linguistics research over the
last decade.
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